Machine Learning Model Predicts Listener Effort in ALS-related Dysarthria
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BaCkg round The dysarthria occurring in ALS involves various deteriorating speech subsystems, challenging accurate
quantification of progression. Speech-Language Pathologists (SLPs) use intelligibility ratings and Listener Effort (LE) assessments
to quantify the severity of dysarthria. Recently, several Machine Learning (ML) methods have been proposed to assess patients'
speech impairment, generally focusing on predicting the ALSFRS-R speech-related question. We have used ML on speech
recordings to predict LE, a quantitative, clinically relevant measure of dysarthric speech.

Hypothesis: Based on remote speech recordings, Listener Effort can be reliably predicted by Machine Learning models.

Methods Results: Listener Effort
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Conclusions Listener Effort, as rated by Speech Language Pathologists, can be robustly estimated using a simple

Machine Learning strategy, with only two speech features proving relevant for the prediction: Speaking Rate and Whisper
Confidence.




